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Arya Surya Satria. 2022. Analisis Sentimen Terhadap Pandemi Covid-19 di
Indonesia Menggunakan K-Nearest Neighbor dan Support Vector Machine.
Skripsi ini di bawah bimbingan Taufik, S.T., M.Kom. dan Purbandini, S.Si.,
M.Kom. S1 Sistem Informasi, Departemen Matematika, Fakultas Sains dan
Teknologi, Universitas Airlangga, Surabaya.

ABSTRAK

Semenjak Indonesia ditemukan kasus pada bulan maret tahun 2020, kurva
penyebaran covid meningkat secara signifikan di Indonsia. Hal tersebut
menimbulkan dampak-dampak pada pandemi covid-19 ini, seperti frustasi,
kebosanan, kecemasan, dan ketakutan yang tidak terkontrol. Di Twitter terdapat
banyak opini terkait dengan dampak dari pandemi covid-19 ini, terutama pada saat
hari-hari besar dan event yang ada. Diperlukannya analisis sentimen untuk melihat
bagaimana respon masyarakat Indonesia pada pandemi covid-19 ini. Penelitian ini
bertujuan untuk mengetahui mengklasifikasikan dan menganalisa pola sentimen
pada opini publik mengenai pandemi covid-19 serta mendapatkan algoritma terbaik
untuk pengklasifikasian dengan metode K-Nearest Neighbor dan Support Vector
Machine. Pengumpulan data dilakukan dengan menggunakan data Twitter terkait
dengan pandemi covid-19 dengan kata kunci tertentu. Tahapan selanjutnya yaitu
pre-processing yang meliputi case Folding, tokenizing, stopword removal, dan
stemming. Lalu dilanjut merubah data teks menjadi matriks TF-IDF nantinya
digunakan untuk proses klasifikasi K-Nearest Neighbor dan Support Vector
Machine. Setelah itu dilakukan pelabelan data menggunakan /ndonesia Sentimen
Lexicon serta Crowdsourced Labelling untuk perbandingannya. Data
diklasifikasikan menjadi tiga kelas, yaitu positif, negatif, dan netral. Hasil
pengklasifikasian didapatkan label positif dengan sejumlah 2.850 data fweet, label
negatif sejumlah 8.015 data tweet, dan label netral sejumlah 629 data rweet.
Penerapan dari klasifikasi K-Nearest Neighbor menghasilkan akurasi 83,9% dan
Support Vector Machine menghasilkan akurasi 76,9%. Respon masyarakat
Indonesia mengenai dampak pandemi covid-19 ini didominasi oleh respon negatif.
Klasifikasi dengan K-Nearest Neighbor memperoleh akurasi tertinggi
dibandingkan dengan Support Vector Machine.

Kata Kunci: Dampak Pandemi Covid-19, Klasifikasi, K-Nearest Neighbor (K-NN),
Support Vector Machine (SVM), TF-IDF
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Arya Surya Satria. 2022. Sentiment Analysis on Covid-19 Pandemic in
Indonesia using K-Nearest Neighbor and Support Vector Machine. This thesis
is under the guidance of Taufik, S.T., M.Kom. and Purbandini, S.Si., M.Kom.
Undergraduate Information Systems, Department of Mathematics, Faculty of
Science and Technology, Universitas Airlangga, Surabaya.

ABSTRACT

Since the covid case was discovered in Indonesia in March 2020, the curve of Covid
spread in Indonesia has increased significantly. This affects Covid-19 pandemics
such as frustration, boredom, fear and uncontrollable anxiety. There are many
opinions on Twitter about the impact of the Covid-19 pandemic, especially during
major holidays and events. Sentiment analysis is needed to see how Indonesian
people react to the Covid-19 pandemic. This study aims to determine the
classification and analysis of public sentiment patterns regarding the Covid-19
pandemic and to obtain the best algorithms for classification using the K-Nearest
Neighbor and Support Vector Machine method. Collecting data is done using
Twitter data related to the Covid-19 pandemic with specific keyword. The next step
is preprocessing including case folding, tokenization, stopword removal, and
stemming. Convert the text data to a TF-IDF matrix. It is used for K-Nearest
Neighbor and Support Vector Machines classification processes. Labelling the data
for comparison using Indonesia Sentiment Lexicon and Crowdsourcing Labeling.
The data is divided into three classes: positive, negative and neutral. The
classification resulted in a positive label with a total of 2,850 tweet data, a negative
label with a total of 8,015 tweet data, and a neutral label with a total of 629 tweet
data. Using the K-nearest neighbor classification gives 83.9% accuracy, and the
support vector machine gives 76.9% accuracy. The reaction of Indonesian people
to the impacts of the Covid-19 pandemic has been dominated by negative reactions.
Classification by the K-Nearest Neighbor method provides the highest accuracy
compared to Support Vector Machines.

Keywords: Classification, Impacts of COVID-19 Pandemic, K-Nearest Neighbor
(K-NN), Support Vector Machine (SVM), TF-IDF
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