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Penulis

Feevrinna Yohannes Harianto, 2022. Perbandingan Metode Geographically
Weighted Regression dan Mixed Geographically Weighted Regression dalam
Pemodelan Persentase Angka Kemiskinan di Indonesia saat Masa Pandemi
Covid-19. Skripsi di bawah bimbingan Dr. Toha Saifudin, S.Si., M.Si., dan Drs.
Suliyanto, M.Si., Program Studi S-1 Statistika, Departemen Matematika, Fakultas
Sains dan Teknologi, Universitas Airlangga, Surabaya.

ABSTRAK

Kemiskinan merupakan masalah utama pembangunan perekonomian di suatu
negara. Mengentaskan kemiskinan menjadi salah satu tujuan utama baik nasional
maupun dunia. Badan Pusat Statistik (BPS) Indonesia sebagai pusat data Indonesia
mengartikan persentase angka kemiskinan sebagai persentase penduduk yang
memiliki rataan pengeluaran per kapita per bulan berada dibawah garis kemiskinan.
Permasalahan kemiskinan selama pandemi Covid-19 merupakan masalah nasional
yang terjadi di seluruh provinsi. Efek spasial diduga berpengaruh terhadap
kemiskinan, sehingga pengujian aspek spasial yaitu uji heterogenitas dan uji
dependensi dilakukan dan diperoleh hasil bahwa terdapat heterogenitas dan
ketergantungan antar wilayah pada data persentase kemiskinan antar provinsi di
Indonesia. Metode Geographically Wighted Regression (GWR) dan Mixed
Geographically Wighted Regression (MGWR) adalah metode analisis spasial yang
sesuai untuk digunakan dalam analisis kemiskinan. Metode MGWR dilakukan atas
dasar hasil uji variabilitas yang menunjukkan variabel TPT bersifat global.
Pengujian variabilitas pada model GWR perlu dilakukan untuk menduga apakah
terdapat variabel yang seharusnya diperlakukan secara global untuk
dikombinasikan bersama varaibel lokal lainnya. Oleh karena itu, tujuan dalam
penelitian ini adalah memodelkan persentase kemiskinan di Indonesia saat masa
Pandemi Covid-19 dengan menggunakan pendekatan GWR dan MGWR.
Kelebihan metode MGWR jika dibandingkan dengan GWR adalah fleksibilitas
dalam mem Data yang digunakan dalam penelitian ini adalah rataan upah per jam,
TPT, laju PDRB, AHLS, koordinat latitude, dan longitude dari 34 provinsi di
Indonesia dan diambil dari website resmi BPS. Hasil analisis menunjukkan metode
GWR dinilai lebih mampu dibandingkan metode MGWR dalam memodelkan
persentase angka kemisikinan di Indonesia dengan nilai R? masing-masing sebesar
68,81% dan 53,33%. Hasil uji parsial model GWR menunjukkan bahwa variabel
prediktor rataan upah per jam, TPT, laju PDRB, dan AHLS memiliki pengaruh yang
berbeda-beda di masing-masing provinsi di Indonesia.

Kata Kunci : Persentase Angka Kemiskinan, Kemisikinan, Analisis Spasial,
Geographically Weighted Regression, Mixed Geographically Weighted Regression
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Feevrinna Yohannes Harianto, 2022. Comparison of Geographically Weighted
Regression and Mixed Geographically Weighted Regression Methods in
Modeling the Percentage of Poverty Rates in Indonesia during the Covid-19
Pandemic. This final project is under supervised by Dr. Toha Saifudin, S. Si, M. Si
and Drs. Suliyanto, M. Si. S-1 Statistics Study Program, Department of
Mathematics, Faculty of Science and Technology, Airlangga University, Surabaya

ABSTRACT

Poverty is the main problem of economic development in a country. Eradicating
poverty is one of the main goals, both nationally and globally. The Central Statistics
Agency (BPS) of Indonesia as Indonesia’s data center defines the percentage of
poverty as the percentage of the population whose average expenditure per capita
per month is below the poverty line. The problem of poverty during the Covid-19
pandemic is a national problem that occurs in all provinces. Spatial effects are
thought to affect poverty, so testing the spatial aspects, namely the heterogeneity
test and dependency test, was carried out and the results showed that there was
heterogeneity and inter-regional dependence on the poverty percentage data
between provinces in Indonesia. Geographically Weighted Regression (GWR) and
Mixed Geographically Weighted Regression (MGWR) methods are appropriate
spatial analysis methods to be used in poverty analysis. The MGWR method was
carried out based on the results of the variability test which showed that the TPT
variable was global. Testing the variability of the GWR model needs to be done to
predict whether there are variables that should be treated globally to be combined
with other local variables. Therefore, the purpose of this study is to model the
percentage of poverty in Indonesia during the Covid-19 pandemic using the GWR
and MGWR approaches. The data used in this study is the average hourly wage,
TPT, GRDP rate, AHLS, latitude, and longitude coordinates from 34 provinces in
Indonesia and taken from the official BPS website. The results of the analysis show
that the GWR method is considered more capable than the MGWR method in
modeling the percentage of poverty in Indonesia with an R"2 value of 68.81% and
53.33%, respectively. The results of the partial test of the GWR model show that
the predictor variables of average hourly wages, TPT, GRDP rate, and AHLS have
different effects in each province in Indonesia.

Keyword : Poverty Rate Percentage, Poverty, Spatial Analysis, Geographically
Weighted Regression, Mixed Geographically Weighted Regression
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